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Abstract

Let V be a two sided random walk and let X denote a real valued diffusion process with generator %eVM %(efvm i). This
process is the continuous equivalent of the one-dimensional random walk in random environment with potential V. Hu and Shi
(1997) described the Lévy classes of X in the case where V behaves approximately like a Brownian motion. In this paper, based on
some fine results on the fluctuations of random walks and stable processes, we obtain an accurate image of the almost sure limiting
behavior of X when V behaves asymptotically like a stable process. These results also apply for the corresponding random walk in
random environment.
© 2006 Elsevier Masson SAS. All rights reserved.

Résumé

Etant donnée une marche aléatoire V, on considere une diffusion aléatoire réelle X de générateur %eVM %(efvm %). Ce
processus est 1’équivalent continu de la marche aléatoire en milieu aléatoire au plus proche voisin en dimension 1. Hu et Shi
(1997) ont déterminé les classes de Lévy de X lorsque V se comporte approximativement comme un mouvement Brownien. Dans
cet article, une étude fine des fluctuations du potentiel V nous permet d’obtenir des résultats précis sur le comportement limite
presque-stre de la diffusion lorsque V est dans le domaine d’attraction d’une loi stable. Ces résultats se transposent également au
cas discret de la marche aléatoire en milieu aléatoire.
© 2006 Elsevier Masson SAS. All rights reserved.
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1. Introduction

Let (V,, x € R) be a cadlag, real-valued locally bounded stochastic process on some probability space (£2, P) with
Vo = 0 almost surely. Let also (X;);>0 be the coordinate process on the space of continuous functions C([0, 00))
equipped with the topology of uniform convergence on compact set and the associated o-field. For each realization
of V, let Py be a probability on C([0, c0)) such that X is a diffusion process with Xy = 0 and generator
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It is well known in [13] that X may be constructed from a standard Brownian motion through a change of scale and
a change of time. We consider the annealed probability P on 2 = 2 x C([0, c0)) defined as the semi-direct product
P =P x Py. X under P is called a diffusion in the random potential V. This process was first studied by Schumacher
[19] and Brox [6] who proved that, when V is a Brownian motion, X,/log? ¢ converges in law as ¢ goes to infinity
to some non-degenerate distribution on R. Extension of this result when V is a stable process may be found in [7,15,
19]. In this paper, we are concerned with the case where V is a two sided random walk. More precisely, (V, x € R)
satisfies:

V is identically 0 on (—1, 1),

Visflaton (n,n + 1) foralln € Z,

V is right continuous on [0, co) and left continuous on (—o0, 0],

(V41 — Vy),ez is a sequence of i.i.d. variables under P.

Our goal is to describe the almost sure asymptotics of X;, sup;, X and sup,, | X;|. This has been done by Hu and
Shi [12] in the case where V behaves roughly like a Brownian motion. We will instead consider the more general
setting where a typical step of the random walk is in the domain of attraction of a stable law. Precisely, we make the
following assumption which is similar to that of Kawazu, Tamura and Tanaka [15].

Assumption 1. There exists a positive sequence (ay), >0 such that

Vi law
- 5,

ay n—o00

where S is a random variable whose law is strictly stable with index « € (0, 2] and whose density is everywhere
positive on R.

This implies of course that V_,, /a, converges in law toward —S. It is known that the norming sequence (a,) is
regularly varying with index 1/« and we can without loss of generality assume that (a,) is strictly increasing with
a; = 1. We will denote by a(-) a continuous, strictly increasing interpolation of (a,) and a~'(-) will stand for its
inverse. It is to be noted that a(-) and a~'(-) are respectively regularly varying with index 1/« and «. Let p denote
the positivity parameter of S and ¢ its negativity parameter, namely:

p=PS>0)=1-PS<0)=1-—gq.
The assumption that S has a positive density in the whole of R implies that p, g € (0, 1). More precisely, for o > 1 it
is known in [22] that | — 1 /o < p,q < 1/«. In any case, we have

O<oap,aqg < 1.
Note also that the Fourier transform of S is well known to be

E(e%5) _ o VI (—igtanGra(p—3)), (1.1

where y is some strictly positive constant. Let us now extend S into a two sided strictly stable process (Sy, x € R) such
that S; has same law as S. By two sided, we mean that the processes (S;,t > 0) and (—S_;, ¢ > 0) are independent,
both cadlag, and have the same law. Notice in particular that, when o« = 1, S is a symmetric Cauchy process with
drift, whereas for « = 2 we have p =1/2 and S is a Brownian motion. Furthermore, the extremal cases ap = 1 (resp.
ag = 1) can only happen when « > 1 and are equivalent to the assumption that S has no positive jumps (resp. no
negative jumps). When S has no positive jumps, it is known that the Fourier transform can be extended such that

E(e*S) =e”*"  forall 2 >0, o

where y’ is a positive constant that we will assume to be 1 (we can reduce to this case by changing the norming
sequence (a,)). Similarly, when S has no negative jumps, we will assume E(exp(—AS;)) = exp(A%) for all » > 0. Let
E, denote the Mittag—Leffler function with parameter «:

0 n

X
E = — A R.
«(X) ;F(an—i—l) orx €
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Define —pj () to be the first negative root of E, and —p; («) to be the first negative root of oex EJ) (x) + (o — 1) E/, (x).
The first result of this paper is a law of the iterated logarithm for the limsup of the diffusion X in the random environ-
ment V.

Theorem 1. We have, almost surely,

i X; 1
imsu =—,
;_mop a~'(logt)logloglogr K*

where K* € (0, 00) is a constant that only depends on the limit law S and is given by

1
K#z—tlim ;logP< sup (SU—SM)gl).

0 ouvt
Furthermore, when S is completely asymmetric, the value of K¥ is given by

# _ | p1(@) when S has no positive jumps,
p2(a) when S has no negative jumps.

Note that X; and sup;, X have the same running maximum, hence Theorem 1 also holds with sup, <, X in place
of X;. A symmetry argument yields

. —infS<[ X[ 1
lim sup = = a.s.,
t—o00 al(logt)logloglogt K*
where K* = —1im; _, o 10g P(Supy< <y <; (S—v — S—y) < 1)/1. Hence,

limsu s 1l = !
,_mop a—l(logt)logloglogr ~ K* A K*

a.s.

In the case where a = 2, we have E,(—x) = cos(/x) for all x > 0, therefore K#¥=K*= 712/4, and we recover the
law of the iterated logarithm of Theorem 1.6 of [12].
Let T, denote the nth strictly descending ladder time of the random walk V, formally,

To =0,

Tn+1 = min(k > Tn, Vk < VTH)~
Since V is oscillatory, T}, is finite for all n. Theorem 4 of [18] states that T is in the domain of attraction of a positive
stable law with index g. Moreover, T is in the domain of normal attraction of this distribution if and only if

S PV, <0)—g

p Plaz0d o

n

(1.3)
n=1

Let (b,) denote a (strictly increasing) sequence of norming constants for T; and b(-) will stand for a continuous,

strictly increasing interpolation of this sequence. The function b~!(.) is therefore regularly varying with index ¢. The

next theorem characterizes the liminf behavior of sup;, X;.

Theorem 2. For any positive, non-decreasing function f define
o
b~'(a"(logt)/f (1)) dt
JH= [ 25— .
b= (a='(logt))tlogt
We have, almost surely,

t
lim infL sup X5 = 0,
i—oc a~!(logt) s o

=00,
— J() { - oo
In particular, with probability 1,

. (IOgIOgI)ﬁS X_{O, if<1/q,
toglogt)” =

liminf o, iff>1/q.

1.4
i~oc a~l(logt) ;< (4
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Notice that (1.3) holds whenever V is strictly stable or when E(V%) < 00 (according to Theorem 1 of [10],
p- 575). In those cases, V| is also in the domain of normal attraction of S so that we can both choose a(x) = x /% and
b(x) = x'/ and the last theorem is simplified:

o

liminf —L 2 qup X, = {0 — / __dar {= o
=00 (log)* s<; > Jfa@tlogt < o0
In particular, the liminf for the critical case 8 = 1/q in (1.4) is infinite.

We are also interested in the asymptotic behavior of the bilateral supremum sup, <, | X|. We already mentioned
that the limsup behavior of this process may be deduced from Theorem 1. Although we were not able to deal with
the general case (as it seems that many different behaviors may occur in the completely asymmetric case, depending
on the distribution tail of Vi), we can still obtain, when the limiting process has jumps of both signs, the following
integral test:

Theorem 3. When the limiting stable process S has jumps of both signs, we have, for any non-decreasing positive
function f, almost surely,

e ¢]

liminf 7 & supIXs|={0 — /7& {Zoo’

t—~o0 a~l(logr) ;< 00 tf(1)*logr | < oo
In particular, with probability 1,

1iminf7(1°%1°g’)ﬁ sup| X,| = {0’ vES1/2,
t—oo a=(logt) s« oo, if B >1/2.

Notice that in this case, the limiting behavior does not depend on the symmetry parameter and notice also that this
behavior is quite different from the Brownian case (Theorem 1.7 of [12]). This may be informally explained from the
facts that when the limiting process has jumps of both signs, typical valleys for the diffusion are much deeper than in
the Brownian case.

Although we are mainly concerned with the almost-sure behavior of X, our approach also allows us to prove a
convergence in law for the supremum process.

Theorem 4. There exists a non-degenerate random variable E depending only on the limiting process S such that
under the annealed probability P,

SUPs <y X5 law —
—_— =.
a~!(logt) t—o0

Moreover, when S has no positive jumps the law of E is characterized by its Laplace transform,

z E,(q)
E(e™")=T(a+1)=2"= forq >0,
( ) Eq(q)
and in the case where S has no negative jumps, we have
E¢(q)

E(e_qE) =(—-1) forq >0.

aqEy(q) + (@ — 1) E(q)

This paper is organized as follows: in Section 2, we prove sharp results on the fluctuations of the potential V as
well as on the limiting stable process S. These estimates, which may be of independent interest, ultimately play an
important role in the proof of the main theorems. In Section 3, we reduce the study of the hitting times of (X;) to the
study of some functionals of the potential process V. This step is similar to [12], namely, we make use of Laplace’s
method and the reader may refer to [20] for an overview of the key ideas. The proofs of the main theorems are given
in Section 4. We shall eventually discuss these results in the last section, in particular, we show that Theorems 1-4
still hold when V is a strictly stable process. We also explain how similar results can be obtained for a random walk
in a random environment with an asymptotically stable potential.
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2. Fluctuations of V and S

In this section we prove several results about fluctuations of the random walk V. Some of these estimates will be
obtained via the study of the limiting process S. In the first subsection, we recall elementary properties of the stable
process S as well as a result of functional convergence of the random walk toward the limiting stable process. In the
following, for any process Z, we will use indifferently the notation Z, or Z(x).

2.1. Preliminaries and functional convergence in D

We introduce the space D(R ., R) of cadlag functions Z:R; — R equipped with the Skorohod topology. Let 6
stand for the shift operator, that is, for any Z € D(R, R) and any x¢ > 0, we have

((6xg2)x, x 2 0) = (Zysxy — Zxy, x 2 0). 2.1)

Since our processes are double-sided, we will also need the space D(R, R) of functions f:R — R which are right
continuous with left limits on [0, oo0) and left continuous with right limits on (—o0, 0] considered jointly with the
associated Skorohod topology. Recall that S and V have paths on D(R, R). We will be interested in the following
functionals: for any a € R and for any Z € D(R, R) we define (we give two notations for each definition):

Z, = F)(z) = | ""Preioal Z,, fora>0,
a — a — Z f 0
SUPye[qa,0] £y» ora <0,

inf Z,, fora=>0,
z,=FP@)={ "I ~
infye[q,01 Zy, fora <O,

sup,, |Zy]|, fora >0,
Z:: _ F;3)(Z) _ pye[O,a] y

SUPyepq,011Zyl, fora <O,
Z8=FY2)=2.-2,.
su ZR  fora >0,
7t = FO(z) = Po<y<a £y =

SUP, < y<0 Z)If, fora <0,

inf(x >0,Z, >a), fora>=0,

oz(a) a (2) :inf(xEO,nga)v fora <0,

inf(x >0,Z_, >a), fora=>=0,
>

inf(x >0,Z_, <a), fora<20,

Gz(a)=F(2) = {
Uz(a) = FP(2) = a — Z(oz(a)), fora > 0,
Uz(@) = F?(Z) =a - 2(6z(a)), fora >0,
Gz(a)=FZ)=Uz(Z,) v Z*, fora > 0.
Let D;(a) for i € {1,...,10} denote the set of discontinuity points in D(R, R) of F[fi) and for v > 1 let VO =

(Vyx/a(), x € R). From a theorem of Skorohod [21], Assumption 1 implies that (V(“), v > 1) converges in law
in the Skorohod space towards S as v — co. It remains to check that the previously defined functionals have nice

continuous properties (with respect to S) in order to obtain results such as Féi)(V(”)) — F(l(i) (S) in law as v — oo.
For Z e D(R, R) and a € R, we will say that

Z is oscillating at a™ if Ve > 0, inf Z<Z,_< sup Z,

(a—e,a) (a—e,a)
Z is oscillating at a™ if Ve > 0, inf Z<Z,+< sup Z.
(a,a+e) (a,a+e)

The following lemma collects some easy results about the sample path of S.
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Lemma 2.1. We have

(1) supjp o0y S = SUp(_ s ) S = 00 almost surely.
(2) With probability 1, any path of S is such that if S is discontinuous at a point x, then S is oscillating at x~ and x™.
(3) For any fixed a € R, S is almost surely continuous at a and oscillating at a~ and a™.

Proof. (1) and (2) come from Lemma 3.1 of [15], p. 531. As for (3), it is well known that S is almost surely continuous
at any given point and the fact that it is oscillating follows from the assumption that |S| is not a subordinator. O

Note that (2) implies that, almost surely, S is continuous at all its local extrema. (2) also implies that, with proba-
bility 1, S attains its bound on any compact interval. These facts enable us to prove the following:

Proposition 2.2. For any fixeda e R and i € {1, ..., 10}, we have
P(S eD; (a)) =0.

Proof. Let a be fixed. The functionals Féi), i €{1,2,3,4,5}, are continuous at all Z € D(R, R) such that Z is
continuous at point a (refer to Proposition 2.11 on p. 305 of [14] for further details) and the result follows from (3)
of the previous lemma. It is also easily checked from the definition of the Skorohod topology that the functionals

Fa(i), i € {6, 8}, are continuous at all Z which have the following properties:

(a) oz(a) < oo,
(b) Z is oscillating a 6z(a)+,
(c) Z attains its bounds on any compact interval.

Using again the previous lemma, we see that (a) and (c) hold for almost any path of S. Notice that, from the Markov
property, part (3) of the lemma is unchanged when a is replaced by an arbitrary stopping time. Hence, (b) is also true
for almost any path of S. The proof for Fcfi), i €{7,9}, is of course similar. Finally, the result for FLSIO) may easily be
deduced from previous ones using the independence of (Sx, x > 0) and (S_,, x >0). O

We will also use the fact that the random variables Féi) have continuous cumulative functions (except for the
degenerated case a = 0).

Proposition 2.3. Foralla #0and b e R and i € {1, ..., 10}, we have
P(F(S)=b)=0.

We skip the proof as this may be easily checked from the facts that S has a continuous density and the assumption
that it is not a subordinator.

Finally, throughout the rest of this paper, the notation C; will always denote a finite strictly positive constant
depending only on our choice of P. In the case of a constant depending on some other parameters, these parameters
will appear in the subscript. We will also repeatedly use the following lemma easily deduced from the Uniform
Convergence Theorem for regularly varying functions ([4], p. 22) combined with monotonicity property.

Lemma 2.4. Let f:[1, 00) = Ry be a strictly positive non-decreasing function which is regularly varying at infinity
with index B > 0. Then, for any & > 0 there exist Cy ¢, r, Co ¢ y such that forany 1 <x <y,

A\ ) x\f~¢
Cierl— <———<C sl - .
b ’f<y> Foy S ’f(y>

2.2. Supremum of the reflected process

We now give some bounds and asymptotics about V#. These estimates which may look quite technical will play a
central role in the proof of Theorem 1. This subsection is devoted to the proofs of the following three propositions.
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Proposition 2.5. We have

. a”'(x)
lim
X—>00 v
v/a_](x)—>oo

logP(V# <x) = —K*,

v

where K¥ = —1lim,_ o0 % log P(Sff < 1) is strictly positive and finite.
Proposition 2.6. For all 0 < b < 1, there exists C3, > 0 such that for all x large enough (depending on b) and all
v >0,

C3,P(VH < x) <P(VE < x, V, <bx) <P(VE <x).
Proposition 2.7. There exists C4 > 0 such that for all x large enough and all vy, v > 0,
# # #
C4P(VU1 < x)P(sz < x) g P(VvlJrvz S x)'

Notice that using Proposition 2.6 we deduce that Proposition 2.5 is unchanged if we replace P(V# < x) by
P(fo < x,V, <bx) for all b > 0. The proof of the first proposition relies on the following lemma:

Lemma 2.8. There exists a constant K* € (0, 00) such that, for any a, ¢ > 0 and any b > 0,

o
lim a—logP(nga,St <-b,S—8S,<c) = _K*,

t—o0o t

In particular K* = —lim,_, « * log(P(S¥ < 1)).

Proof. Using the scaling property, we only need to prove the lemma in the case a = 1. For the sake of clarity, let
S ={S{<1,8,<-bS -8, <},

and let f(t) = logP(S¥ < 1). Using the Markov property of the stable process S, we deduce that f(t + s) <
f @)+ f(s) forany s, ¢ > 0. Since f is subadditive, elementary analysis shows that the limit K¥ = —lim,_, o f(t)/t
exists and furthermore K* € (0, oo]. In order to prove that K* < oo, note that {S}# < 1} D {Sf < 1/2} which implies
f@®)/t >1ogP(S; < 1/2)/t. Using Proposition 3 of [1], p. 220, the r.h.s. of this last inequality converges to some
finite constant when ¢ converges to infinity. Therefore K# must be finite. So we have obtained

1 1
limsup — logP(&)) < lim - f(r) < —K*.
t t—0o0 t

t—00

It remains to prove the lower bound. Let 0 < & < min(c, 1) and let # > 1. Define
& ={S} <1-¢},
&y = {(91_1§)¢{ < 8’w1 < —b— 1}.

We have £ D £;,NE&;. Since S has independent increments, £ and &3 are independent. Therefore P(E1) > P(&)P(E3).
Furthermore, using scaling, P(&) = f((t — 1)/(1 — &)%). Hence

1 logP(&) 1 t
;logP(51)>f+;f<(]_8)a>, (2.2)

and P(&3) = P(ST <&, S; < —b—1) does not depend on ¢ and is not zero (this is easy to check since S is not a
subordinator). Taking the limit in (2.2) we conclude that

liminf * log P(E}) > lim r ). =K
iminf>logP(ED) > lim -\ G0 ) = 0o

Proof of Proposition 2.5. Let us choose & > 0. The previous lemma and the scaling property of S* give

1 1
K*=— lim —logP(S*i’t < —>.
* y

y—>oo y
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Hence, we can choose yg > 0 such that log P(S’f <1/y0) < —(K* —¢) ¥5 - Combining results of Propositions 2.2 and
2.3 for the functional F©®, we get

1 1 1
lim logP — V¥ < —) =lo P(S#< —) < —(K* —¢)y2.
koo 8 (a(k) kS % EETS N, ( )36
Therefore, for all k large enough,
1 1
logP| — V# < —) < —(K* = 2¢)y2. (2.3)
¢ (a(k) £S5y ) S U 2eg

Let us choose k = [a~! (xyo)] + 1, thus (2.3) holds whenever x is large enough. Notice that

[v/k]—1
(Vi<xlc () {OuW] <x},
n=0

hence, using the independence and stationarity of the increments of the random walk at integer times, we obtain
k
P(V! <) < (P(V] <)) 4
Since a(-) is non-decreasing, our choice of k implies x /a(k) < 1/yq, therefore
Vi1
P(VE<x) < P(—k < —).
ak) ~ yo
Combining this inequality with (2.3) and (2.4) yields

log P(V# < x) < —[ﬂy‘g (K* = 2¢).

It is easy to check from the regular variation of a~!(-) with index « that [v/klyy ~ v/a~'(x) when x and v/a~!(x)
both go to infinity, hence

a'(x)

lim sup logP(V’JZl < x) < —K*

The proof of the lower bound is quite similar yet slightly more technical. Using Lemma 2.8 and the scaling property,
we can find yg > O such that

1— 2 K*ye
logP(Sf < — 5.8 <—— 8 -8 < — ) > ———20_ 2.5)
Yo Yo Yo (I —2e)*
Let us set
v# - —
54(]():{ kgl S,Yk g_z_g,ugi}
a(k) yo a(k) yo o a(k) Yo

Using Propositions 2.2 and 2.3, we check that

1— 2
lim P(54(k>)=P(S§*< 2.8 -2, 8 —Slgi).
k=00 Yo Y0 0

Hence for all k large enough, it follows from (2.5) that

_K#yg

(2.6)

We now choose k = [a~! (xy0)]. Notice that 1/yy < x/a(k) < 2/yp for all x large enough, thus
Eall) C{VE< (I —e)x, Vi < —ex, Vi =V <ex}.

One may check by induction that
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[v/k]

[VE<x} o (O < (1 = e)x, OuV), < —ex, Guc V)i — OuiV) |, < ex},
n=0

hence, using independence and stationarity of the increments of V at integer times, we get
# # [v/kl+1
P(VIi<x)>P(Vi <1 —e)x,V, < —ex, Vi =V, <éex)
P(54 (k))[v/k]+1

Combining this inequality with (2.6), this shows that for all x large enough,

_K*
oeP(7E <) > = ([ 7] 1 ot

Notice that ([v/k] + Dyy ~ v/a~'(x) as x and v/a~'(x) go to infinity simultaneously, which completes the
proof. O

Proof of Proposition 2.6. The upper bound is trivial. Let 0 < b < 1, define v; = [a~'(x)] and set ¢ = (b — 1)x,

(VI <x,V, <bx} 5 {V <x,V, <bx,ov(c) <}
S{VE (o) <bx.ov(©) <vi} 0 { Oy W <},

thus

oy(c) S < bx,oy(c) < v1)P(V§ éx)
(VE <bx,V, <c)P(VE<x).

v

v

P(V# <x,V, <bx) =PV

>P
Just like in the previous proof, we see that P(VU1 < bx,V, < c¢) converges when x goes to infinity toward
P(Sf <b,S; <b—1) and this quantity is strictly positive since |S| is not a subordinator. O

Proof of Proposition 2.7. Notice that

{Vﬁﬁrvz SA } {V[Ul J+[v2]+2 = <X }

O{Vi <0,V -V <0}N {(sz)ﬁ}l] <x, (V) — (62V) GV) S > }

| =

_ X
N {(92+[u.]V)ﬁ,2] <X, (G240 V)] < 5}-

Using the independence and stationarity of the increments of V at integer time and setting Cs = P(V; < 0) > 0, we

see that P(VU 4o S < x) is larger than

2 X
Cs P(Vlv ] <x, Vi, — V[v]] > <V[v2] <x, Vuz < E)
Time reversal of the random walk V shows that
# X # v X
P V[v1]<x7V[U1]_y[v1]<E =P V[v1]<x7V[U1]<§ )
hence, using Proposition 2.6,

PV} 1, <) 2 (€5 €9 P(V],) <x)P(Viyy <x)
> (Cy 1 C)'P(V], <x)P(V], <x). O
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2.3. The case where S is a completely asymmetric stable process

One may wish to calculate the value of the constant K* that appears in the last section. Unfortunately, we do not
know its value in general. However, the completely asymmetric case is a particularly nice setting where calculations
may be carried out to their full extend. We now assume throughout this section that the stable process (Sy, x > 0)
either has no positive jumps hence the exponential moments of S are finite and (1.2) holds (recall that we assume
y’ = 1) or S has no negative jumps and E(exp(—AS;)) = exp(tA%) for all ¢, > > 0. For a, b > 0, define the stopping
times:

7, =inf(r 2 0,S; = b) = os(b),
7 =inf(r > 0,S} > b) = o5 (b),
1, =inf(t > 0,S; notin (—a, b)).

Recall that E,, stands for the Mittag—Leffler function with parameter .

Proposition 2.9. When S has no positive jumps, we have

E(e") = L,
Eq(q)
and when S has no negative jumps, we have

aq(E(q))?
aqEl(q) + (@ — DEL(q)

E(e ) = Eu(g) -

This proposition is a particular case of Proposition 2 of [17], p. 191. Still, we give here a simpler proof when S is
stable using the solution of the two sided exit problem given by Bertoin [2].

Proof. We suppose that S has no negative jumps. Let 7(g) be an exponential random time of parameter g independent
of S. Let also a, b be strictly positive real numbers such that a + b = 1. We may without loss of generality assume any
path of S attains its bounds on any compact interval and is continuous at all local extrema (because this happens with
probability 1 according to Lemma 2.1). Thus, on the one hand, the event {rf > 1(q)} contains

{rip > n@}u ({wy <n@. Sey, < —af 0 {Or, S0 r, <1})-

ab
Using the strong Markov property of S, the lack of memory, and the independence of the exponential time, it follows
that P(rf > 1(q)) is larger than
Pz}, > n(@) + P(z5, <n(9).Sr, < —a)P(z} > n(q)),
therefore
P(z;, > n(q))
1 =Pz, <n(q), Sz, < —a)

P(zf > n(@) > @7

On the other hand, one may check that the event {rf > 1(g)} is a subset of
{zap > 1@} U ({zip <n@).Se;, <—a} N {0z, —cr, <b}).

and similarly we deduce

P(z;, > 1(q))
# a,b
Pl =10 S Ty, <o) 5, < - 29

Obviously r,f converges to rf almost surely as b converges to 1. Combining this observation with (2.7) and (2.8), we
find

. P(z{_, , >n(q)
P(r]# > r)(q)) = lim — " 16,5 —
b1 1 =P(rf , , <n(q),Se, <b—1)

Ti-b.b

2.9)
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The probabilities of the r.h.s. of this equation have been calculated by Bertoin [2]:
b~ Ef (qb%)

P(tf_,, > (@) =1— E,(b%) + ) (Ea(q) — 1), (2.10)
ba—lE/ bY
P(t/,, <n(@). Sy, <b—1)= # (2.11)

Taylor expansions of E, and E|, near point ¢ enables us to calculate the limit in (2.9) in term of E, and its first and
second derivatives. After a few lines of elementary calculus, we get

oq(E;(9))°
aqEg(q) + (@ — DEL(q)

We complete the proof using the well-known relation E(exp(—g rl# N=1-— P(l']# > 1(q)). The proof in the case where
S has no positive jumps is similar (and the calculation of the limit is even easier). We omitit. O

P(tf > n(@)) =1— Eo(q) +

Corollary 2.10. Recall that —p; () is the first negative root of Ey and —pa(a) is the first negative root of ax El) (x) +
(e — 1)EJ,(x). The constant of Proposition 2.5 is given by

Kt P (o) when S has no positive jumps,
p2(a) when S has no negative jumps.

Proof. Recall that K¥ = —lim;_, oo P(SﬁqE < 1)/t. Using the same argument as in Corollary 1 of [2], we see that
K* = p;(a) when S has no positive jumps. Similarly, when S has no negative jumps —K* is equal to the first negative
pole of

ax(Ef(x))?
g(x) = i !
axE[(x) + (@ = 1)E[ (x)

Let —xo be the first negative root of EJ. Since E/ (0) > 0, this implies that E, is strictly increasing on [—xp, 0].
Notice also that x —E(exp(—xrf)) is increasing on (—K*,0], thus g(x) is strictly increasing on (—(K* A xp), 0].
Since g(—xp) = g(0) = 0 (this holds even when —x is a zero of multiple order) we deduce from the monotonicity of
g that K* < x¢ and this shows that the first negative pole of g is indeed —ps (). O

= Eq(x) —E(e™).

We conclude this subsection by calculating the Laplace transform of rf A Tp. This will be useful for the determi-
nation of the limiting law in the proof of Theorem 4.

Corollary 2.11. For 0 < b < 1, when S has no positive jumps
Eq(q(1 —Db)%)
Ey(q)

and when S has no negative jumps

’

E(e—qrf‘mb) _

aqEl(gb*)E,(q)
aqEl(q) + (@« — D)EL(q)’

E(e—qrf/\r[,) =E, (qba) _ ba—l

Proof. Let n(g) still denote an exponential time with parameter ¢ independent of S. Suppose that S has no negative
jumps, using the Markov property and the lack of memory of the exponential law, we get
P(cf Aty > 0(9)) =P(t{_,, <n@). Sy, , <b—1P(tf > n(@)) +P(t{_ 4, > 0(q)).

The r.h.s. of the last equality may be calculated explicitly using again (2.10), (2.11), and Proposition 2.9. Hence, after
simplification,

aqE,(gb*)E(q)
aqEy(q) + (« — DE(q)
The no positive jumps case may be treated the same way. O

P(rf ATp > n(q)) =1-E, (qb“) + 27!
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2.4. The exit problem for the random walk V

Let us define for x, y > 0 the following events:

Alx,y) = {(VQ@O hits (y, co) before it hits (—o0, —x)},

A'(x,y) = {(Vy)s>0 hits [y, 00) before it hits (—oo, —x]},

A'(x, y) = {(V_y)s>0 hits (—oo, —y] before it hits [x, 00) }.
We are interested in the behavior of the probabilities of these events for large x, y. In the case of a fixed x, when
y goes to infinity, this study was done by Bertoin and Doney [3]. Here, we need to study this quantities when both

x and y go to infinity with the ratio y/x also going to infinity. We already defined the sequence (T,),>¢ of strictly
descending ladder times, we now consider the associated ladder heights:

=—-Vr, forn=>0.
We will also need the sequence (M) ;> 1:
M, =max(Vy +H,,_, T,—1 <k <T),).

Note that the sequence (T, 41 — Ty, H,, 1 — H,;, M,),,>1 is independent and identically distributed. We know that T}
is in the domain of attraction of a positive stable law of index g with norming constants (b,). Now, Corollary 3 of [8]
states that P(M; > x) is regularly varying with index —ag. More precisely, it gives
&

x=00 b~ 1(a= 1 (x))’
In particular, this shows that M is in the domain of attraction of a positive stable law when ag < 1 and that M is
rela‘ti.vely stable when avg = 1 (relatively stable means that m > k<n Mk converges in probability to some strictly
positive constant).

For Hj, using Theorem 9 of [18], we see that Hj is in the domain of attraction of a positive stable law with index
aq when ag < 1 and that Hj is relatively stable in the case «g = 1. Furthermore, the lemma of [8], p. 358 shows that
we can choose a(b(n)) as norming constant for H; in any of those two cases, thus

PM; > x) (2.12)

some constant C7, in probability when ag = 1,
a positive stable law of index «g otherwise.

converges to {

n
a(b(n))
When ag < 1, this shows that (2.12) holds with H; in place of M (for a different value of Cg). Unfortunately, in
the case g = 1, the relative stability of H; does not imply the regular variation of P(H; > x) (look at the counter
example in [18], p. 576). However, we can still prove a smooth behavior for the associated renewal function

R(x) = ZP(H,, < x).

n=0
Lemma 2.12. There exists a constant Cg > 0 such that

R(x) ~ Csh ' (a™' ().

Proof. When ag < 1 we mentioned that P(H; > x) ~ Co /b_1 (@~ 1(x)) where Cy is some strictly positive constant.
In this case, the asymptotic behavior of R follows from the Tauberian Theorem as in the lemma on p. 446 of [10]. We
now consider the case g = 1. Let L(}) = E(e_’\Hl) stand for the Laplace transform of H;. We know that

Hn Prob.
—
a(b(n)) n—o

Therefore, for any A

>
e Cr, 2.13
(+(am)) == 21

7.

0 and when n ranges trough the set of integers, we have
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Since L is continuous at 0 with L(0) = 1, setting A = 1 and taking the logarithm in (2.13) give

1
n(l - L(a(b(n))>> — Cy. (2.14)

Using the monotonicity of L and a(b(-)), it is easy to check that (2.14) still holds when n now ranges trough the set
of real numbers, thus

1 C
1—(-) ~ — (2.15)
x Ja—oo b~l(a=1(x))
Let us now define ﬁ(y) = fooo e Y*R(dx). The well-known relation ﬁ(y) =1/(1 — L(y)) combined with (2.15)

shows that R is regularly varying near 0, hence we can use Karamata’s Tauberian/Abelian Theorem to conclude the
proof. O

Proposition 2.13. There exists Cyo such that when x — oo and y/x — 00,
b~ @)

b~la "t (x+y)

This result also holds for P(A'(x, y)) and P(A'(x, y)).

P(A(x,y)) ~Cio

Proof. The two processes (Vy)s>0 and (—V_;)s>0 have the same law, hence P(A'(x, y)) = P(A'(x, y)). We also
have the trivial inclusion A(x — 1, y) C A’(x,y) C A(x, y — 1), so we only need to prove the proposition for A(x, y).
The first part of the proof is borrowed from Bertoin and Doney [3], p. 2157. The probability P(A(x, y)) is equal to

o0
PM; >y)+ Y PM;<y+Ho,..., M <y+He 1, He <x,Myy1 >y + Hp), (2.16)
k=1
thus

oo
P(A(x,y)) <PM; >y)+ > PHi <x,Myy1 >y + Hy)
k=1

oo
<PM; > )+ Y PHi <x, Mgy > )
k=1
<SPM; > y)R(x).
Using (2.12), Lemma 2.12, and the equivalence P(M; > y) ~P(M; > x + y) when x and y/x go to infinity, we
obtain the upper bound with Cjp = CeCg. We now prove the result pertaining to the lower bound. Let ky € N*. From
(2.16), we see that P(A(x, y)) is bigger than

o0
PM; > y)+ Y PMi<y,...,Mi <y, Hp <x,Mgq1 >x+y)
k=1

ko
>P(M1>x+y)<1+ZP(M1 <Y M <y, Hy <X)>,

k=1
hence
P(A(x,y)) 2 P(M; > x + y)(R(x) — Rg, (x) — Wiy (1)), (2.17)
with
Ry (x)= Y P(H;<x),
k=ko+1
ko

Wko(y)=ZP(M1 >yor...or Mg > y).
k=1
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On the one hand, using (2.12) and Lemma 2.12, for y large enough,

K 2
Ci1k,
Wiy (3) <D koP(Mi > y) <KGPMi > y) < (y)o :
k=1
On the other hand,
o0
Ry (x) = ZP(H/«)H + (Hiko+1 — Hygp1 <))
k=0

o0

<D P(Hipigs1 — Hygp1 <x)P(Hygy1 < x)
k=0

< R(x)P(Hy, < x).

Combining these two bounds with (2.17) yields, for all x, y large enough,

P(A(x,y)) > PM + y)R( )<1 P(H,, < x) C“k%)
X, > > X X — <x)— .
Y ! Y o R()?

It only remains to show that for a good choice of ko = ko(x, y), we have

Cuik]

PH;, < 0.
Mo SO+ R roynooe

Let ko = [b~'(a~ " (xlog(y/x)))]. Note that kg is such that kg — 0o, when x and y/x go to infinity simultaneously,

and we know that
Hko law
a(b(kg)) ko—o0

[o.o}]

where J, is either a positive stable law (¢g < 1) or a strictly positive constant (¢g = 1). In either cases
P(Js =0) =0. Since x/a(b(kg)) — 0 when x and y/x go to infinity simultaneously, we deduce that

a(b(ko)) ~ a(b(ko))
Finally, using Lemmas 2.4 and 2.12, we also check that

Cuik] Ci1 (R(xlog2)\?
Lo o Z(ZCEY) L o0 o
(R(¥))? x,y/x—00 Cg R(y) x,y/x—>00

Hy, X
X,y/x—00

2.5. Other estimates

We conclude the section about the fluctuations of V by collecting several results on the functionals V and V. We
start with a reflection principle for V.

Lemma 2.14. There exists Cy such that for all v, x > 0,
P(V, >x) <CiaP(V, > x),

similarly
P(V, <—x) <CpP(V, < —x).

Proof. We only need to prove the first inequality (the second inequality can be obtained in the same way, with a
possibly enlarged value for Cy»).
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P(VU > x) (OV (x
(O’V (x
[v]

Y P(ov(x) =k, Vi) < x) + P(V, > x).
k=1

< [v])
<

)
) [v]’V[v] <x)+P(Vv = Xx)

N

From the Markov property, we check that P(oy(x) =k, V| < x) is equal to

P(ov(x) =k) / P(Viyjk < x — Y)P(Voy o) = dylov(x) = k) <P(ov(x) = k)P(Vjy)x <0).

y=x

Our assumption on V implies that lim,_, .o P(V,, < 0) = P(S < 0) = g < 1. Thus, there exists C;3 > 0 such that
sup, P(V,, < 0) = C13 < 1. Therefore

[v]
P(V,>x) <Ciz ) Plov(n) =k) +P(Vy >x)
k=1

< Ci3P(ov(x) <v) +P(V, > x)

<

1—Cp3 Vy 2 x)

We now estimate the large deviations of P(V, > x). Using the characterization of the domains of attraction to a
stable law (see Chapter IX, Section 8 of [10]), Assumption 1 implies

1 Ci4 >0 if S has positive jumps,
a (P> x)xjgo {O otherwise. (2.18)
Similarly,
- B Ci5 >0 if S has negative jumps,
@ (OPV) < —x) Do {O otherwise. (2.19)
Proposition 2.15. There exists Ci6 > 0 such that forall v> 1 and all x > 1,
PV, >x) < C16—. (2.20)
a=(x)
Moreover, if S has positive jumps,
v
PV, > x) W vP(V| > x) W 14a_1(x)' 2.21)

a~'(x)/v>o00 a1 (x)/v—o00

There is of course a similar result for P(V, < —x).

Proof. Result (2.21) is already known and is stated in [5], yet we could not find a proof of this result in English.
A weaker result is proved by Heyde [11] but a slight modification of his argument will enable us to prove the propo-
sition. Let us choose 1/2 <8 < 1 and set z = (x/a(v))%a(v). Define for k > 1,

.= Vi =V if |V =V <z,
k2710 otherwise.

Let ¢ > 0 and define
E={Vi—Vi_; > (1 —¢)x foratleast one k in {1, ..., [v]}},
&6 = {Vi — Vi_1 >z forat least two k’s in {1, ..., [v]}},
7={§1,z+"'+€[v],z>8x}-
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We see that {V, > x} C Es N E N E7, hence
PV, > x) <P(&) +P(&) + P(&7). (2.22)

We deal with each term on the r.h.s. of (2.22) separately. Let us choose C > C14 if S has positive jumps and set C = 1

otherwise. We now assume that v and a~!(x)/v are very large. According to (2.18) and using the regular variation of
-1

a " (-), we get

C v
P(&) < vP(V 1— < . 2.23
(&) <vP(Vy > (1 —e)x) d—o7a 100 (2.23)
We now deal with P(&). Let n > 0. Lemma 2.4 gives for all v and a~!(x) /v large enough,
va"l(x) a7 @@)gg) < a(a)) )2
@'@)?  a @) \aT@w)G5))
. X a+n a(v) 28(0(*7]).
a(v) X
Since § > 1/2, we can assume 1 small enough such that 2§ (o — n) — (¢ + 1) > n. Thus, we have
va~l(x) a()\"
< , 2.24
(a=1(2))? < x ) (229
therefore, using (2.18) and (2.24), we get
2 "
(v)
P(Ee) <vP(V) > 2P <C—r— < C—— (22 2.25
(&) SVP(V1 > 9° < Crmms S Coms (= (2.25)
Turning our attention to P(&7), we deduce from Tchebychev’s inequality that
1 2 v 2 v? 2
P(E) < 5 B((Crz+ o+ 6u0)”) < 5B ) + 55 (2.26)

Let f(2) =E((¢1, Z)2) = f fz sz(Vl € dy). This function is non-decreasing and non-zero for z large enough. It is also
known from the characterization of the domains of attraction (cf. (8.14) of [10], p. 304) that the norming constants (a;,,)
are such that nf (a,)/a? — Ci17 > 0, hence f(z) ~ C17z%/a~'(z) as z goes to infinity (f is regularly varying with
index 2 — a). Therefore, for v and a~!(x) /v large enough, we have
Uf(Z) < Cig EL f(Z) <Cig SL'

ex2 “al(x) f(x) “a-l(x)
We can sharpen this estimate when o < 2. Indeed, in this case, f is regularly varying with index 2 — o > 0. Thus,
using Lemma 2.4 and setting n’ = (1 — §)(2 — ) /2,

f(Z) < <£>(2—a)/2_ (a(v)(x/a(v))s)(z_a)/z_ (a(v))n/
fx) \x N X T\ x '

When o < 2, we therefore obtain

#E((a,az) = 2.27)

v v a(v) u
—E <Cige———|— ) . 2.28

€2X2 (;1,2) 18,8a_1 (x) < X ) ( )
Let g(z) =E(¢1;) = ffz yP(V1 € dy). Since V; is in the domain of attraction of a stable law, it is known that the
centering constants ¢(n) such that V,, /a(n) — c(n) converge to a stable law may be chosen to be c(n) =ng(a(n))/a(n)
(see [10], p. 305), but the main assumption of this paper states that the sequence c(n) may also be chosen to be
identically 0. This implies in particular that the sequence ng(a(n))/a(n) is bounded. So we deduce that there exists
Cj9 > 0 such that
lg(2)] < C19+ forall z > 1.
a ' (z)
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Using this inequality, we get for v and a~! (x)/v large enough,
2 2.2

v vz
B < Copp
2,2 (¢1.2) 26 30102

_cC v va lx) (£>2
T a0 @@\

v va~t(x)

SO0 T @)
v a)\”
gczo,sm(7> ) (2.29)

where we used (2.24) for the last inequality. Putting the pieces together, (2.22)-(2.23)-(2.25)-(2.26)-(2.27) and (2.29)
yield (2.20). Moreover, when S has positive jumps, we have o < 2, hence we can use (2.28) instead of (2.27) and we
deduce that

a 1PV, > x) <

lim sup Cia.

v—>00
a‘l(x)/v—>oo

It remains to prove that the lower bound holds. Assume that S has positive jumps and notice that the event {V, > x}
contains

[v]—1

() AVE <ex, Vi = Vie> (14 26)x, Gk Vg < ex).

k=0

Moreover, the events of the last formula are disjoints. The independence and the stationarity of the increments of the
random walk V yield

[v]—1

PV, >x)> Y P(Vi<ex)P(Vy > (1+2e)x)P(V}y, ., <ex)
k=0

> [IP(V* < ex)’P(V) > (1 4 26)x).

From (2.18) and the regular variation of a~!(-) we see that

C14v

WIP(Vi > (14 26)x) ~ AT 29% )

as v and a~!(x)/v both go to infinity. We also know from the results of Section 2.1 that V¥ /a(v) converges in law
towards ST, therefore

. « . v X
lim  P(Vi<ex)= lim P <e—)=1.
V=00 V=00 a(v) a(v)
a 1()c)/v%oo a 1(x)/vaoo
We conclude that
-1
liminf  © (OPVy, > x) > Cua .
v—00 v (1+2e)«

a~'(¥)/v>00

Corollary 2.16. By possibly extending the value of Cg, Eq. (2.20) also holds with V,, -V, V’,f and V% in place
of V.

Proof. The results for V, _and -V are straightforward using Lemma 2.14. As for V* and V#, simply notice that
(VEz2x}c{Vizxlc{Vy2x}U{-V,>x}. O
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Corollary 2.17. For any 0 < § < o, we have
v\ -

lim E(( : ) ) =E((S1)’) and lim E(

v—00 a(v) V—>00
Proof. It follows from the last corollary and the regular variation of a~!(-) with index « that for any 0 < § < a,

()

sup E < 00.

v>1 a(v
The family ((V, Ja(v))? ,v > 1) is therefore uniformly integrable for all 0 < § < o. We also know that v, Ja(v)

converges in law toward S; as v goes to infinity. These two facts combined yield the first assertion. The proof of the
second part of the corollary is similar. O

v

a(v)

5) =E((-§°).

Proposition 2.18. For all 0 < § < g (recall that q is the negativity parameter of S) there exists Ca1 s such that, for all
v, x > 1,

a_l(x) 8
P(—V, <x) < C21,3< ) .
v

We have a similar result for P(V, < x) when changing the condition § < g by § < p.

Proof. We only prove the result for V, . By possibly extending the value of C»; s, it suffices to prove the inequality
for x and v/a~!(x) large enough. Let us choose 8’ such that § < 8’ < ¢ < 1 and notice that for any y > 0,

=V, <x}CAG, U=V, <x}N A, y)°)
C A, ULV <x+y),
thus
P(-V, <x) <P(A@, ) +P(VE<x +). (2.30)
On the one hand, for x and y/x large enough, using Proposition 2.13 and Lemma 2.4, we get
b~ @' ()
b=l a ' (x +y)

—1 S
< 023,5,<61_"T(fy)) . 2.31)

P(A(x,y)) <Cxn

On the other hand, for x + y and v/a~!(x + y) large enough, using Proposition 2.5, we obtain

#
P(V <x+y) <exp K v ), (2.32)
2 a‘l(x—l—y)

Let us choose y = a(W’;”_IW) — x. It is easy to check that (2.31) and (2.32) hold whenever x and v/a_1 (x) are

large enough, thus, (2.30) yields

8 —1 s 1
et e (B (22 ) 22
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3. Behavior of X

In this section, we now study the diffusion X in the random potential V. We will see that the behavior of this
process depends strongly on the environment. In order to do so, we will adapt the ideas of Hu and Shi [12] to our
setting, in particular, we will show that Lemmas 4.1 and 4.2 of [12] still hold with a slight modification.

Recall the well known representation of X (cf. [6,12,13]) which states that we can construct X from a Brownian
motion through a (random) change of scale and a (random) change of time, hence we will assume that X has the form:

X;=A" (Broig), (3.1)

where B is a standard Brownian motion independent of V and where A~! and T~! are the respective inverses of
X
Ax) = /eV«" dy forxeR,

0
t

T(@t) = / e 2Va-lsods  fort > 0.
0

Note that our assumption on V implies with probability 1 that A is an increasing homeomorphism on R and that T
is an increasing homeomorphism on R, thus A~ and T~! are well defined. Let v > 0 and recall the definition of &
given in Section 2.1. Using (3.1), we have

ox(v) = ’]I‘(UB (A(v))).

Let (L(t,x),t > 0, x € R) stand for the bi-continuous version of the local time process of B. The last equality may be
rewritten:

op(A(v))
ox(v) = e 2Valmy ds
0
Av)
= / e_WA‘lU)L(GB (A(v)), x) dx
—00

v

= f e” "L(op(AW)), A(y))dy,

—o0
where we have used the change of variable x = A(y). Let us now define /1 and I,

v

L(v) = / e " L(op(A®)), A(y))dy, (3.2)
0

Iz(v)=/e*V—yL(aB(A(v)),A(—y))dy. (3.3)
0

Using the definition of oy, we get
{X; >v}={L) + L) <t} (3.4)

The next two propositions show the connection between V and X. These estimates will enable us to reduce the study
of the limiting behavior of X to the study of some functionals of the potential V. The streamline of the proofs is the
same as that of Lemmas 4.1 and 4.2 of [12] and one should refer to the proof of these two lemmas for further details.
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Proposition 3.1. There exists Cos such that for all v large enough
V¥ — (logv)* <log I (v) <V} + (logv)*  on & (v),
2
where Eg(v) is a measurable set such that

P(£5(v)°) < Cose 102V,

Proposition 3.2. There exists Cog such that for all v large enough

(V +(10gv)) on E(v),
(_v 1 — (logv) ) 0n€9(v)ﬂ{vvf% > (10gv)4},

log I (v) <
Z

) < Uy
log I (v) ﬁ
where U was defined in Section 2.1 and where Ey(v) is a measurable set such that

P(£9(v)°) < Cope™ (o8,

Proof of Proposition 3.1. For v > 0, let R2 be defined as:

R2(1) = L(op(A(v)), A(v) —1A(v)) for0<r <1,
A®)

Let R be the positive root of R2. Just as in [12], p. 1498, we see that, using Ray-Knight Theorem and the scaling
property of the Brownian motion, for any fixed v the process (R(¢),0 < ¢ < 1) has the law of a two dimensional
Bessel process starting from 0. Moreover, R is independent of V. We can now rewrite (3.2) as

ol s (AW) — AG)
Il(v)—A(v)/e R (71&(1)) )ds.
0

Let us define
R(1)
510={ sup ——= < v}.
0<r<1 /1 1og(8/1)

Using Lemma 6.1 p. 1497 of [12], we get P(£7)) < Cy7e —v/2_On &y, we have

I (v) < v/e_vx (A(v) — A(s)) log(%) @
0

and forall s <v

v
e Vs (A(v) — A(s)) = /eV"_V‘ dy < ve's

N

This implies
v
8A(v)
I <2V’3/1 Y s, 35
1) <v'e™ [log( o ) ds (3.5)
0
We also have
v v
A(v) =/ews ds<ve” and A(v) —A(s)zfer dy > (v —s)e¥o,
0 K

thus
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A 84 (v) _ ; 8v
/10g<7A(v) — A(s)) ds <v(V,-V,) +/log<v — s) ds
0 0

<v(Vy =V, +1+1og(®)).

Combining this with (3.5) yields log(/; (v)) < Vﬁ + log(vv —V,) +4log(v) for all v large enough. We now define
En={log(V, —V,) < log3(v)}. On &9 N &11, for all v large enough, we get the upper bound,

log(11(v)) < V¥ +1log* (v).
Notice that {Vv -V, >a} C{V} > a/2}. Thus, using Corollary 2.16 and the regular variation of a='(), itis easily
checked that P(£7) < exp(— log?(v)) for any v large enough. We now prove the existence of the lower bound. For

the sake of clarity, we will use the notation ! = log(v) and § = exp(—lz). For v > 1/2, there exist two integers
0<k™ <kt <v— % such that ij . = V;+ —V,—. Let us define the sets:
-2

. A(v) —A(s) A(v) — A(k™)
Ep = ¢ r(E2W AW A ZAR DT
2 {kgsnglk—&-% ( A(v) ) ~ A(v) }

Eiz={V*_, >3},

2
Using again Lemma 6.1 p. 1497 of [12] combined with the independence of R and V, we get
2
P((E12 NE)°) <P(EG) +26 +2B(e™ 77 W1g,,), (3.6)
where J is given by
AQ) —AKT)
A=+ H - Ak

On the one hand, we have

J(w) =

v K+
1
AWw)—AKkT) = / eVsds > / eVsds = 3 eVt
k~ kt

On the other hand, since k£~ is an integer and V is flat on [k, k~ + 1), we also have

A(k_ + %) —A(kT) = / e’sds = %ewk*.

This implies J(v) > exp(V’:f_1 /2). Using this inequality combined with (3.6), we get
P((E12 N E13)°) <P(E7) + 26 + 2exp(—82 exp(312) /2).

Hence, we have P((£12 N &13)¢) < P(EY;) +3 exp(—I?) for all v large enough. Using Proposition 2.5, it is easily seen
that P(5f3) < e~ for all large enough v’s. Let us finally set & = £10 N €11 N E12 N £13. We have proved that there
exists Cps5 > 0 such that P(£g) < Cos exp(—lz). Notice that

h(v) =A) / e "R? (M) ds
0

A(v)
K+
v, 2 Aw) — A(s)
>AWw)e 'k / R <—A(v) >ds,

=
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therefore, on &g,
k+5
L) >8%e Vi / (A(v) — A(s)) ds,
-
but for all s such that ki~ <s <k™ + % we also have

kt+]

v
A) —A@Gs) > AWw) — A(k + %) = / evdy > / e dy = %evkﬂ
=+ kt+k
hence
k44
/ (A@) — A(s))ds > %e"w.
hat
We finally get

2 y# :
1 >—e "2 oné&.
1(v) 6 8

We conclude the proof of the proposition by taking the logarithm. O

Proof of Proposition 3.2. For v > 0, we define the process Z by

L A@)), —tA
() = (oB(A(v)) () fort > 0.
Av)
Using Ray-Knight Theorem and the scaling property of the Brownian motion, we see that for any fixed v the process
Z has the law of a squared Bessel process of dimension 0 such that Z(0) has an exponential distribution with mean 2.

Moreover, Z is independent of V. We can now rewrite (3.3):

L) =A®W) / e_VSZ(_A(_S)> ds.
0

A(v)

We know that 0 is an absorbing state for Z. Let { = inf(s > 0, Z; = 0) be the absorption time of Z and let us also
define

- —A=9)\
{(v) = mf(s > O, Z(m) = 0)

We can now write
¢(v)

N —V_, —A(-s)
L (v) =Aw) / e 2(41%(1)) >ds.
0

We keep the notation / = log(v), note that A(v) = fov eVs ds < exp(vv + 1), therefore
L) < eV”J’lg“(v) sup (e_V*S) sup Z(s)
0<s<g () 520

< C(v)sup Z(s) el TV V(@)
s=0

Let us define £14 = {sups>0 Z(s) < exp(/%)}. Using Lemma 7.1, p. 1501 of [12], we get P(&Ty) < 4exp(—I?). Thus,
on £14, we have

L) < £(v)e2 =Yt 3.7)
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Let &5 = {¢(v) <6v(V, +1*) + 4} and notice that for all @ > 0,

[ —A=a)
{{(v) > a} = {4A(v) < {}.

Therefore

—A(=v(Vy +1H =1
P(&f5) = P( A0) 2 < g>,
but
—6y (Vy+%)
— 1 1 o
—A(-&V(VU +1%) - 5) > f eds > 5 eVt

and we have already seen that A, < exp(V, 4 /). Combining this two inequalities yields for all v large enough,

—A(=6v(Vy +1H - D) -
A(l)) = ’

hence
P(&fs) <P(¢>¢) <o,

where we have used Lemma 7.1 on p. 1501 of [12] for the last inequality. On €14 N &5, for v large enough, we deduce
from (3.7) that

h(v) <) 2PV W)=V (=6v Ty +H+3)

But V(v) — V(=6v(V, + %) + %) = ﬁV(VU +14) — [* (recall that V is flat on (—n — 1, —n], n € N). Therefore, on
E1aNé&s,

L) < g(v)eflﬁﬁv(vvw“).

Let E16 = {6v(Vy +1%) + % < exp(l3)}. On &7 =E14NE5NE16, we have ¢ (v) < exp(l3). Hence, on &7 and for all
v large enough,

log(lz(v)) < ﬁV(VU + log4 v).
This gives the upper bound on £7. Let us check that

P(Ef) < Cagexp(—1?). (3.8)
We have P(£¢) < P(6v(V, +1%) > exp(1®)/2), thus

P(Efg) < P(W—% e13> < ZV(v)) + P(V(—% e’3) < 214).

We also have

P<V<_% el}) < ZV(v)) < P(V(—% el3> < els/z> +P<V(v) > %els/z).

Using Corollary 2.16 and the regular variation of a~!(-), for all v large enough,
— 1 s
P(V(v) > 3 elw) < e_lz.

Recall that (V(x),x > 0) and (—V(—x), x > 0) have the same law, thus Proposition 2.18 yields

P(V(—% 613) < 2l4> < P(V(—% Cl3) < 615/2) < e_lz.
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These inequalities give P(Ef,) <3 e_lz, hence P(&},) <8 e~*. We now prove the lower bound. Notice that
ov(V—1)+3
A) > / eVs ds = % eV(-2), (3.9)
ov(Vw—13))
and for all x < &V(W_/U_% — 1) <Gv(Vy),
0

—A(—x) = f ' ds < "D 5y (V). (3.10)

—X

Thus, for all x < &v(V(v — %) —I*) we have —A_, /A, < exp(—l4)6v(vv). Let £15 = {6v(V,) < exp(l3)}. As for
the estimate of P(5f6), it is easily checked that for all v large enough, P(ng) < 3exp(—! 2). Moreover, on the set £;3,
combining (3.9) and (3.10), we have —A(—x)/A(v) <e~2" forall 0 < x < &v(V(v — 1) —1*). Let us now define

go={ inf Zze)ze")
o<s<e 2"
Using Lemma 7.1 on p. 1501 of [12], we see that P(£},) < 2¢~!*. Recall that

_ r —V_, —A(—s))
L) =A®W) / e Z<7A(v) ds
0

Fy(Vw—1)—1%

> A®w) / e V2 <7_igv_)s) > ds,
0

therefore, on &0 = 18 N E19,
h(v) > &y <V<v - %) - l“)A(v) e LT - -1-P,
Using (3.9) again, on &y,

&y <V<u _ %) _ l4> T D -V(—5yTw—h—14)-12

- (V(v _ l) _ 14) T T =) —19+14 -1
> .

Notice that on {V(v —1/2) > 14}, we have 6v(V(v — 1/2) —1*) > 1 (because V is identically O on (—1, 0]). This
implies that on &0 N {V(v — 1/2) >[4},

L(v) >

>

= N =

hw) > 0Tl
which yields the lower bound by taking the logarithm. Finally, let &g = £ N 17, we have

P(E5) < P(£) +P(E5) < 13 e
for all large enough v’s and the upper bound holds on &y as well as the lower bound on & N Vw—-1/2)>1*. O
4. Proof of the main theorems

4.1. Proof of Theorem 1

We first state two lemmas before we give the proof of the theorem.
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Lemma 4.1. For any cog > 0, we have

logP(X, > coa—'(logr)logloglog ¢
lim sup 0g P(X, > coa”_(log1) loglog Og)é—coK#,

=00 logloglogt

where K* was defined in Proposition 2.5.

Proof. Let v =coa~'(logt)logloglog?, using (3.4) and Proposition 3.1 we get for all 7 large enough,
P(X; >v) <P(L1(v) <1t)
<P(V* | <logr + (logv)*) + Cas exp(—(logv)?).

v

(S]]

Using Proposition 2.5, for any ¢ > 0 and for all ¢ large enough (depending on ¢), we obtain

— 12
P(V¥ | <logr + (logv)*) < exp( —(K* - o
(V,._y Slogr +(ogv)’) exP( (K = &) T ogr + Gogo))

<exp(—co(K* — 2¢)logloglog?),

where we used the regular variation of a~'() to check that ¢! (logt + (log vH ~al (logt). Therefore, for all ¢
large enough,

P(X; > v) <exp(—co(K* —2¢)logloglogr) + exp(—(logv)?)
< 2exp(—co(K# - 28) loglog logt). O

Lemma 4.2. For any co > 0 and for all t large enough (depending on cg) we have

{X;>v}> {Vﬁ <logt —/logt, V, < lngt}

~ (logt logt
m{UV(Tg)<Tg}m£21(v),

where v = coa™! (logt)logloglogt and where £31(v) is a measurable set such that
P(E5, (1)) < Cage™102V°,
Proof. Using (3.4) combined with Propositions 3.1 and 3.2, for ¢ sufficiently large,

{X; =v}={L) + L) <1}

> {eV§+(logv)4 + eUv(Vutlog)) t}Nén )

with &1 (v) = E () N E9(v), thus P(ES, (v)) < Cag e~ 198V Notice also that
{V# <logr —/logt} C {Vﬁ +1log*v < log%}.
Hence, {)_( ; = v} contains
{V:f <logt — \/@} N {ﬁV(VU + (log v)4) < log<%)} N & (v). 4.1

We also have {V, < lng[} c{V, + (log v)* < %}, therefore

— logt ~ [(logt log? ~ — logt
{M%,Uv(%)<%}C{UV(VU+W)4)<%}.

This inclusion combined with (4.1) completes the proof. 0O
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Proof of Theorem 1. As we already mentioned in the introduction, X and X have the same upper function so
we only need to prove the theorem for X. Let us choose K such that K < K# and ¢ > 0. Define the sequence
t; = exp(exp(ei)). We also use the notation f(x) = a~l (logx)logloglog x. Using regular variation of a(-) we easily
check that f(#;)/f (¢;+1) converges to exp(—ae¢). Thus, for all i large enough

P<)_(fi+1 = f;{tl)) <P(Xfx+1 = feg;;))

Using Lemma 4.1, we get

1 = S () K*
limsup ——— log| P Xt 2 < — .
i—00 IOg( ( + 1)) K est
Since K < K*, we can choose & small enough such that K* /(K exp(2¢)) < 1 and we deduce from the last inequality

that the sum Y P(X, 1 = f(ti)/K) converges. Using Borel-Cantelli’s Lemma, with probability 1, for all i large
enough )_(tm < f(t)/K. For t € [t;, t;4+1], using monotonicity of f and X,

= _= fa) _ f®
Xt < Xt,_H X K \ ?
This holds for all K < K*. Hence, we proved that
X, 1
limsup —
t—00 f(t)

We now prove the lower bound. Choose K > K # and change the sequence (t;) for ¢; = exp(expi). From Lemma 4.2,
for i large enough,

{X,, > f;( 2 } D ENSf )/ K) N ERD),
where &1 was defined in Lemma 4.2 and where £, (i) = £>3(1) N E24(1) N Er5(i) with

523(1)—{UV(C /4) e/2}
524(1)—{Vf(t)/1(§e —31/2}
Ex5(D) = {V sk <e'/5).

Moreover, » P(é'zc1 (f(t;)/K)) < 0o. So it only remains to prove that the events &2, (i) happen infinitely often almost
surely. It follows from the results of Section 2.1 that lim;_, oo P(E23(i)) = P(Us(l /4) < 1/2) and it is clear that this
quantity is not 0. Since &4 (i) N E»5(i) and £»3(i) are independent events P(£22(i)) > C3oP(E24(i) N Ex5(i)) for all i
large enough. Thus, we deduce from Proposition 2.6 that for all large enough i’s, we have

C31P(Ex4 (1)) <P(E22(1)) < P(24(1)). 4.2)
We now use Proposition 2.5 to check that

K* f@w  _  k*

= AT ——logi, 4.3
K al(el—e/2) iz K o8! 4-3)

log(P(&£24(1))) Bt

where we used the regular variation of a(-) for the last equivalence. In particular, combining this with (4.2) and the
fact that K¥/K < 1, we see that > i P(Ex(i)) = oo. We now estimate P(E22(i) N Ex2(j)) for i large enough and for
Jj>i.
En(i) NEn(j) C Eui) NEwu())
. # . . 2
Céu@n {(ef(fi)/KV)f(tj)/Kff(li)/K <el —e// }.

Hence, from the independence and the stationarity of the increments of V (at integer times), combined with Proposi-
tion 2.7, for all i large enough (i.e. all j large enough), we get
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P(Ex() NEn())) SP(E4@D)P(Vi )y k— rx <& =)

<Csy P(E24(0)P(E24()))
TRk <ol — o)

Using Lemma 2.4, one may check after a few lines of calculus that for all i sufficiently large, exp(j) — exp(j/2) >
a ' (f@t;)/K) whenever j —i > logi, thus

#
P(V#~ gej_ejﬂ))p Mgl .
f)/K a(f(t)/K)
Since the r.h.s. of the last inequality converges to P(S#]qé < 1) # 0 as i goes to infinity, we deduce that for all i large
enough and all j —i > logi,
# j i/2
P(Vf(t,»)/l( <el —el/ ) >C33>0.
Finally, for all i large enough and for all j > i,

. . P(£22(i)), if0<j—i<logi,
P(& né < 4.4
(2 0 E22(7) {0341’(6220))1’(624(1)), if j — i >logi. -
Combining (4.2), (4.3) and (4.4), we see that
2
liminf Y P(Ex() N En()) / (ZP(szzm)) < Css.

i,j<n i<n

The Borel-Cantelli Lemma of [16] yields P(&2; (i) i.0.) > 1/C35. We now use a classical 0—1 argument (compare
with [12], p. 1511 for details) to conclude that P(&, (i) i.0.) = 1. Hence, with probability 1,

l
limsup —

100 f()

Moreover, the value of K* when the process V is completely asymmetric was calculated in Corollary 2.10. O
4.2. Proof of Theorem 2

Lemma 4.3. Let p > 0, for all t large enough (depending on p) and all 1 < A < (loglogt)?, we have

-1 —1.,—1
P<)T, _a (logt)) < 6b (a (IOgt)/k)_
X b=!(a=(log1))

Proof. We use the notation v = a~' (log7)/A, the bounds on A give
-1
logt
w <v < a_l(logt).
(loglogt)»

We assume that ¢ is very large, hence v is also large. From (3.4) combined with Propositions 3.1 and 3.2, we deduce
that

P(X, <v) < <11 () > ) +P<12(v) )
t ~ L — t
< P<V§ > log 5 (log v)4> + P(UV(VU + (logv)*) > log 5) 4 Cypelogv)?,

Remind that 5~!(.) is regularly varying with index ¢ < 1. Therefore, using Corollary 2.16 and Lemma 2.4,



128 A. Singh / Ann. I. H. Poincaré — PR 43 (2007) 101-138

t 1
P(Vﬁ >log 5 — (log v)4> < P(Vﬁ >3 10gt>
v
C [
38a—l(logt)
b~ (v)
" T(a(logt))

<

<G

It is also easy to check from the bounds on v and the regular variations of a~'(-) and b~ () that
-1
e—(log v)2 < b (U) )
b=1(a=1(ogt))

We still have to prove a similar bound for P(ﬁV(VU + (log v)H > log(z/2)). Notice that for any y > x > 0, {ﬁv(x) >
y} = A'(x,y — x). Hence, using Proposition 2.13 and the independence of (V,),>0 and (V_y),>0, we get

b~ (a1 (V, + (log v>4)>>
b= (a="(log £))

b~ (v) b=l (@ (V, + (logv)*))

—1(yq—1 1 E( —1(,—1 )

b~ (a="(log £)) b=Y(a1(a(v)))

Let us pick & > 0. We now use Lemma 2.4 for the regularly varying function b~ (a~!(-)) to check that (4.5) is smaller

than
b~ () Vo + (ogu)t)
C41’£b1(a1(log%))E<< a(v) > +1).

Finally, since g < 1, we can choose ¢ small enough such that «g + ¢ < «, therefore Corollary 2.17 implies

= 4\ ag+e Vv aq-te
E((M) ) <E<< vy + 1) ) <Cyp.
a(v) a(U) ’

We conclude the proof noticing that b 1! (log %)) ~bl(a! (logt)). O

~ — t
P<UV(VU + (logv)*) > log 5) < C4OE<

< Cyo 4.5)

Lemma 4.4. Let p > 0O, for all t large enough (depending on p) and for all 1 < A < (loglog?)”, we have
—  a (logt ~ =
{x, < %} S [Ty (@) > logr} 1 T2 > 2a(0)} N &),

with v =a~'(logt) /A, and where Ey(v) was defined in Proposition 3.2 and satisfies

P(£(v)°) < Cope™ (o8,

Proof. Recall that relation (3.4) gives (X, <v}={l1(v) + I(v) > t} and notice that I; (v) > 0 for all v > 0, thus,
{X; <v} D {(v) > r}. We now use Proposition 3.2 to see that for all 7 large enough (i.e. v large enough), the event
{X; < v} contains

{ﬁv(vv_% — (logv)*) > logt} N{V 1> (logv)*} N & (v)

> {0y (Vo2 —a)) =logt) N {V,2 > 2a(w)} N E(v)
5 {Uy(a()) = logt) N {V,2 > 2a(m)} N &),

where we used the fact that x — ﬁv(x) is a non-decreasing function and the trivial inequalities V, 72 <Vy_1/2 and
(log v)* < a(v) which hold for all large enough v’s. O

Proof of Theorem 2. For any positive non-decreasing function f, recall that

[ b a g/ f (1)) di
J(f)_/ b~1(a=(logt))tlogt
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(we do not specify the lower bound for the integral since we are only concerned with the convergence of J(f) at
infinity).

Let us first prove the theorem when J(f) < oo. Since f is non-decreasing, it is clear that f(t) — oo as t — oo.
Thus, f(r) > e** for all ¢ large enough. Let fo(t) = (log logt)z/‘f, we have J(fp) < oo. It is known that we may
assume without loss of generality that

F (@) < fot) = (loglogr)*?  for all large ¢ (4.6)
(compare with the argument given in the beginning of the proof of Theorem 1 in [9]). Let us set t; = exp(expi). Since
a~!(-) is regularly varying with index a, for all i large enough, we have

a '(logtiz1) <e®a~'(logt). (4.7)
Hence, Lemma 4.3 yields, i still being very large,

—1 -1
_ logt; — logt;
P(le. _a (log z+1)> < P(X,,. <a 2( 0g J)
) e~ f (1)
b~!(e**a" (log 1) /f (1)
b=1(a=(logt;))
b~ (@ (ogti-1)/f (1))
b=1(a=(log;))

I
b= (@ (ogt)/f (1)) dt
<C43/ b~—1(a1(logr))rlogt

< Cs6

<Cs3

L1

where we used again (4.7) and the regular variation of b~ for the third inequality and the monotonicity of a”!, b1
and f for the last inequality. Since J(f) < 0o, we conclude that Zi P(X; < a! (logti+1)/f(t;)) < oo and Borel-
Cantelli’s Lemma implies that, almost surely,

-1
— logt;
5 @ (ogtiyr) for all i large enough.

T fw)
But for t; <t < tj41, we have a~!(logt;+1)/f (t;) > a~'(logt)/f(t) and X; > )_(t,- , therefore, with probability 1,
N —
lim infL a.s. 4.8)

t>o0 a~l(logt)

Changing f for Cf for any C > 0 does not alter the convergence of J(f). Thus, the liminf in (4.8) is in fact infinite.

We now prove the second part of the theorem. Let f be a positive, non-decreasing function such that J(f) = oo.
Again, we may without loss of generality assume that (4.6) holds (compare with the argument given in the proof of
Theorem 3 in [9]). Moreover, notice that the theorem is straightforward for any bounded function f provided that we
prove the theorem for at least one function 4 going to infinity with J(h) = co (we may choose for example h(t) =
(loglog $)1/C2DY). Thus, we can also assume that f(t) — oo as t = oco. We use the notation v; = a‘l(log 1)/ f ().
Our assumptions on f yield the following estimates:

m <y < a_l(log t;) for i large enough, 4.9)
(loglog#;)*/4

and
lim v; =00,  lim — ' —q. (4.10)
i—00 i—00 a—l(logti)

From now on, we assume that i is very large. Using Lemma 4.4, we get
{)_(ti < a=! (log1;)

S@)
where E36(i) = £7(i) N E28(i) with

} D & (v;) N Ex (i),
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&) = {Uy(a(v)) = log(t)},
Es(i) ={Vy, 2 > 2a(v)}.

Since P(Eg(v;)€) < Creexp(— log2 v;), it is easy to check from (4.9) that ) ; P(E9(v;)“) < oo. So it only remains to
prove that P(Ex6(i) i.0.) = 1. Since v; — 00 as i — o0, results of Section 2.1 imply that

lim P(&3()) =P(S12 >2) > 0.
1—> 00
Therefore, the independence of £,7(i) and £5(i) yields
C3P(E27(1)) <P(E26(1)) < P(E27(D)). (4.11)

Recall that {lNIV(a(vi)) > log(#)} = Al(a(vy), log(t;) — a(v;)). Keeping in mind (4.10), we can estimate P(&,7(7))
using Proposition 2.13:
b_l(vi) b_l(vi)
“b-T(aT(logn)) b=T(a " (ogs))’
Combining the inequalities (4.11) and (4.12), the assumption that J ( f) = oo implies

ZP(E%(:')) = 00.

We now estimate P(Ex6() N Ex6(j)). Let g(i) =log(t;) — a(v;). It is easy to check from (4.10) that g is ultimately
increasing. Let us pick j > i. We can rewrite
Ex() N Ex(j) = A'(a(p), g@)) N A (a(wi), g()))-

There are two cases (which are not disjoint):

C <P(E7(1)) < Cas (4.12)

(1) (V_,)n>0 hits (—oo, —g(j)] before hitting [a(v;), 00). Using Proposition 2.13, we can check that the probability
of this case is less than Cagh ™! (v,')/b’1 (a? (logt)).

(2) (V_,)n>o0 hits (—oo, —g(i)] before hitting [a(v;), 00) (i.e. £27(i) happens) and also the shifted random walk
(V_5y(a(v;))—n)n>0 hits (—oo, —g(j)] before hitting [a(v;), +00) (the probability of this event is clearly smaller
than P(&7(j))). Using the Markov property for the random walk (V_,), >0 we conclude that the probability of
this case is smaller than P(E27(i))P(E27())).

Combining (1) and (2) we deduce that P(E>7(i) N E>7(j)) is smaller than
CD) . . Cas b @ dogi)
b T T(log)) <SP(E7())P(E27())) + C—44P(527(l))b*l(a*‘(logtj))’

where we used (4.12) for the second inequality. Finally, using Lemma 2.4 and (4.11), we conclude that for all i large
enough and all j > i,

P(&26 () NEx(j)) <P(E27() NEx()))
< Ca7(P(E26(1))P(E26())) + P(Ex6(i)) e~ C8U D),

P(£7(0))P(E27())) + Cas

hence

2
liminf »  P(Ex6(0) N Ex6())) / (ZP(526<i>)> < Cyr.

i,jsn isn

Just like in the proof of Theorem 1, we apply the Borel-Cantelli Lemma of [16] and a standard 0-1 argument to
conclude that P(E56(i) i.0.) = 1. Since this result still holds when changing f for Cf for any C > 0, we have proved
that, with probability 1,

X
liminf —— =0.

>0 f(t)
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4.3. Proof of Theorem 3
Just like the previous two theorems, the proof is based on the following two lemmas.

Lemma 4.5. Let p > 0, for all t large enough and all 1 < A < (loglogt)? we have

-1
logt
P<X;< - &) < Co
A A2

Proof. We use the notation v =a~!(log#)/A. Let Y = — X, it is clear from a symmetry argument that Y is a diffusion
in the “reversed” random environment W = (V_,, x € R). Let us notice that
P(X} <v) =P(Y; <0, Y < v)
< P()_(t < U,VU gV_U) —}—P(Yt <v, WU gW_v).

Let us also note that all the assumptions we made on V also hold for W. Hence, we only need to prove the upper
bound for the first member on the r.h.s. of the last inequality. According to (3.4)

{X; <v}={L) + L) >t}
thus,

P()_(t < U,VU < \_/'_U)

1 — —
< P(Z 1Ogt < Vv < V—v) (413)
r — logt
+P(ho > 5.V, < 20 (4.14)
2 4
t — = = logt
+P Iz(v)>5,Vv<va,Vv<T . (4.15)

We deal with each term separately. First, using independence of (V,),>¢ and (V_y),>0 we see that (4.13) is smaller

than
— 1 — 1 Cyo
P(VU 2 Z lOgt)P(VU 2 Z 10gt> S }\,—2’
where we used Corollary 2.16 for the last inequality. We now turn our attention to (4.14). Using Proposition 3.1, we
check that for ¢ large enough, this probability is smaller than

! = 1
P(Viﬁ P logz — 10g4 v,V, < ZIOgt) + Cas e_Ingv.

For ¢ large enough, using the Markov property,

t logt logt —  logt
P Vﬁ}log——log“v,vvg& <P Vﬁ}i,vv o8
4 2 4
logt # _ logt
<P<ov —T)gv,(e oy V) 27)
log1? log1?
<P yvg_g P Vﬁ/&
4 2
=4
A

where we used again Corollary 2.16 for the last line. It is also clear from our bounds on A that e~ log’v < 1/A2 for all
t large enough. This gives the desired bound for (4.14). It remains to prove the existence of a similar inequality for
(4.15). We first use Proposition 3.2 to see that, for all ¢ large enough, (4.15) is smaller than

~ — = = = _1
P(UV(VU +log'v) >log 2, Vu <V, Vo < Zlogt> + Cppe g Y,
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We can rewrite:

NJI ~
<
VA
<

— 1
U,vazlogt}

Notice that on the event {ov(—(logt)/2) < &v(Vy,) < v}, the process (V_y)x>0 hits (—oo, —(log?/2)] before time
v, and then hits [0, 00), again before time v. The Markov property with the stopping time 6y (—(log?)/2) and Corol-
lary 2.16 yield

- logt L= logt — logt Cs;
P(ow(—Tg) <6v(V) < v) < P(Y_v < —%)P(V_v > Tg> <=3

It is also easy to check from the Markov property of (V_,),>0 applied to the stopping time &y (V) that the probability
of the event {5y(V,) < oy(—(ogt)/2) < v(Vy + log4 v)} is smaller than the probability that the random walk
(V_)x>0 hits (—oo, —(logt) /2] before it hits [log4 v, 00). Using the estimate for the exit problem (Proposition 2.13)
and the regular variation of b=Ya~1()), fort large enough, we obtain

logt

“1,,-1 4
P<6V(Vv) <&V<_Tg> <6y(Vy +log’ ”)> < c o Wogvy) 1

bl () A

)

so we conclude that (4.15) is smaller than Cs3 /AZ. O

Lemma 4.6. Let p > 0, for all t large enough and all 1 < A < (loglogt)?, we have

a"(logt)

{X,* < f} oV,

with the notation v=a~ (logt)/A and where P(Ex9(v)€) is a measurable set such that

BZIOgt,VﬂH% 2210gt} N Exy(v),

09—

P(£9(v)°) < Cs4 e logy,

Proof. Recall that X is given by the formula
X[ = A_I(BT—I(I)),

where B is a Brownian motion independent of V. Let B = —B and let L denote the bi-continuous version of the local
time process of B. Recall also that W stands for the reversed process (V_y, x € R). In the beginning of Section 3, we
proved that

ox() =11(v) + Ih(v) forallv> 0. (4.16)
It is easily checked, using similar arguments, that
ox(=v) =1 (v) 4+ L(v) forallv>0, “4.17)

with
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Ii(v) =/e_w"i(o§(A(v)),A(y)) dy,
0
) = / e "L (o5(AW). A(=)) dy,
0
and where

X
A(x):/ewy dy.
0

Thus, I; and I, are given by the same formulas as /; and > by simply changing the process B for B and changing
V for W. Notice that B is again a Brownian motion independent of W and that W fulfills all the assumptions we
made on V. Therefore, Propositions 3.1 and 3.2 also hold for I 1 and iz with W instead of V (with different events and
different values of the constants). In particular, we deduce that for all v large enough

log71() > V% 1} » — (logv)*  on E(v), (4.18)
where £3(v) is a measurable set such that P(E5,(v)) < Css exp(— log2 v). We also know from Proposition 3.1 that
log 11(v) > Vi_, » — (logv)* on &(). (4.19)
Let £29(v) = Eg(v) N E30(v), then P(E5(v)) < Csqexp(— log2 v). Combining (4.16)—(4.18) and (4.19), we get
{X,* < v} = {UX(U) > t} N {Gx(—v) > t}
D {I] (v) > t} N {i] v) > t}
) {Vﬁ_lﬂ > logt + log4 v} N {Vﬁvﬂ/z > logt + log4 v} N & (v)
S {VE_, > 2logr}n{V* |, >2logr} N Exw(v)
O {Vuoi2 > 2logt} N{V_yy12 2 2l0ogt} NEp(v). O
Proof of Theorem 3. This theorem is an easy consequence (using similar technics as in the proof of Theorem 2) of

the last two lemmas and of Proposition 2.15 (when the limiting process has jumps of both signs). We feel free to omit
it. O

4.4. Proof of Theorem 4

Proposition 4.7. We have

1 ~ — \\ Prob.
m(1ogax(u) = ViV Uy(Vy)) = 0.

The proof of this proposition is very similar to that of Proposition 11.1 of [12] using the estimates for /1 and I
obtained in Propositions 3.1 and 3.2, we therefore skip the details.

Proof of Theorem 4. Let A > 0 and let v be a large number,
| L >A)= P(logox (Aa_l(log v)) <log v)
a~!(logv)
_p logox (x) < 1 ’
c(x) Al/e

with the change of variable x = Aa~' (log v) and where

c()=1"ax/h) ~ a(x). (4.20)
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Results of Section 2.1 ensure that (Vﬁ \% ﬁV(VX)) /a(x) converges in law as x — oo towards S’f \% ﬁg(gl) whose
cumulative function is continuous. Hence, it follows from Proposition 4.7 and from (4.20) that

X ~ = 1
lim P(————>i)=P(S{vUs(S) < == ).
v—oo \ a~l(logv) A/

We have proved the convergence in law of X, /a~!(logv) towards the non-degenerate random variable 5 = (Sf \Y
Us(S1))~. Let us calculate the Laplace transform of this law when S is completely asymmetric. Recall the notation
rf and 1, defined in Section 2.3. Let also | be the stopping time:

ri =inf(x >0, (S—;);>0 hits (—oo, —(1 — x)) before it hits (x, 00)).

From the scaling property of S,

P((S! v Ds(5)) <3) =P(st v Ds(5) > 1)

therefore = and rf A 7y, have the same law. Let us first assume that S has no positive jumps and recall that
(—=S_;,t > 0) and (S;,t > 0) have the same law. It follows from the well known solution of the exit problem for
a completely asymmetric Levy process via its scale function W (cf. [1], p. 194) that

P(ri>x)= P((S_,),>0 hits (x, oo) before it hits (—oo, —(1-— x)))
=1—P((S1)r>0 hits (1 — x, 00) before it hits (—o0, —x))

W@
w()’

and it is known that in our case W(x) = x"‘_l/ I'(«). Hence, the density of ry is
—1
P(ri edx) = dx for x € (0, 1).

Using Corollary 2.11 and the independence of (S;);>0 and (S_;);>0, we have, for g > 0,
1
qu /\r,l /E —qu Ar,\ —1 dx
2 o
0

a1 [ Eg—x9)
B Ea(Q) x2—

a—1 (1- x)a"
Y / ax
Eo(q) T +om)

dx

but
1 F (1= ) _ T-1
LI +an) J 2 T Tan+ D)
hence
_ M) « q"
E q'L’#AT,« —
(e7m7m) Ea<q>Zr(a<n+1>>

E/
=T+ Dy Eq;
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We now assume that S has no negative jumps. Just like in the previous case, we can calculate the density of r| from
the scale function and we find P(ry e dx) = (¢ — 1)/(1 — x)27% for x € (0, 1). Thus, using Corollary 2.11 we get

1

e qu /\T,«l /E —L]‘L'l A'L'x 1d
2 o

0
1

C@—1) / E, (qx ) 4 El(@)a(x — 1)g x*VE] (gx®)

o

(1—x)2 " aqEl(q)+ (@ —1)E,(q) (1—x)2«

0

We already calculated the first integral:
1

1
Ea(qx‘x) dx =/ Ea(q(l — y)a) dy _ F(O{ + I)E,

(1—x)2@ y2-a = a—q L@
0

As for the second integral,

’

1 1
/ X VB (gx) | i (n+Dg" xeHD

(1 —x)2« 0F(oe(n+1)+1) (1—x)2«
0 0

and it is known that

/ X D=1  Pa(n+ D)Mo — 1)
(

1—x)2“ T Tam+2)—1)

hence
XVE(qx®)  Ta—1) o q"
I_xpa =7 ;)F(oc(n+2)—1)

e (4 2)(@(n +2) — D"
=T@-1), Ta(n+2)+ 1)

(a3 EEDEEDE S @D
=T(« 1)<ar§)1“(a(n+2)+1)+( )ZF(a(n—i—Z)-l—l))

MNa—1) y , -1
=— (qaE —DE.(q) — —— ).
7 (qa o(@) +(@—=1DE,(q) F(a+ D
Putting the pieces together, we conclude that
(@ —DEL(q)
aqE[(q) + (@ — DEL(q)

E(e_qfrA’rl ) =

S. Comments
5.1. The case where V is a stable process

In the whole paper, we assumed V to be a random walk in the domain of attraction of a stable process S. Let
us now assume that V itself is a strictly stable process (such that | V| is not a subordinator) and let us explain why
Theorems 14 still hold in this case. It is clear that all the results dealing with the fluctuations of V remain unchanged
(in fact, they even take a nicer form since we can now choose a(x) = x“ and b(x) = x7). Notice also that we did not
use the fact that V was a random walk in the proofs of the theorems in Section 4. Indeed, the only time we really used
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the assumption that V was flat on the intervals (n,n 4+ 1), n € Z, was in the proofs of Propositions 3.1 and 3.2 (we
needed to make sure that V spends “enough” time around its local extremes). Looking closely at those two proofs, we
see that they will still hold if we can show that there exists a measurable event £31(v) such that:

(a) there exists Csg such that P(E31(v)¢) < Csg exp(— log2_v).
(b) On &3;1(v), any path of V is such that for all x € [—oy(V, + log4 v), v], we have [V, — V| <1 either for all y in
[x,x 4+ exp(— log3 v)] or for all y in the interval [x — exp(— log3 v), x].

Let us quickly explain how we can construct this event. Define the sequence of random variables (y),ez:
Yo =0,
Va1 = inf(t > v, [V, =V, | > 5) forn >0,
Yo =inf(t <y, [V, =V, | >3) forn=>0.

Let us set

3 17003 . 11,03
En(v) = {y,-_H — 9y >2e7 102 for gl —e21087V i L e2l08 v},

log™/? v}

’

_ logs/zv
533(1)) - {y_[e%log%] >¢€ ’ y[e%log%] =€

E34 ) = {6v(V, +loghv) < eV},
&1 (v) = E32(v) N E33(v) N E34(v).
It is clear that (b) holds for £3;. We now assume that v is very large. We have

P(E32(v)°) <2218 VP(y; < 267 V) < Cspe 2108,

where we used the relation P(y; <x) =PV} > %) and Corollary 2.16 for the last inequality. Using Cramer’s large
deviation theorem, it is easy to check that P(£33(v)€) < e™" (in fact, we can obtain a much better bound). We also

have P(E34(v)°) < 3e~log?v (compare with the proof of the inequality (3.8) for details). Thus, (a) holds.
5.2. Non-symmetric environments

In the whole paper, in order to avoid even more complicated notations, we assumed that the processes (V,, x > 0)
and (—V_,, x < 0) have the same law. However it is easy to see that this assumption can be relaxed. Indeed, we may
swap Assumption 1 for the following assumption.

Assumption 2. (V,), >0 and (V_,),>0 are independent random walks and there exists a positive sequence (ay), >0
such that

V law _V— law
22N s and 2N s
ay n—>oo a, n—oo

where S! and S? are random variables whose laws are strictly stable with respective parameters (¢, p1) and («, p2)
and whose densities are everywhere positive on R.

It is crucial to assume that the norming sequence (a,) may be chosen to be the same for both random walk (in
order to keep the results of functional convergence of Section 2.1) but the positivity parameters p; and p> need not
be the same. Theorems 1-4 must be adapted in consequences. For example, Theorem 1 now takes the form:

Theorem 5. Under the annealed probability P, almost surely,

. X; 1
lim sup = ,
t—o0o a '(logt)logloglogt K*!
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where K*1 depends only on S' and is given by
1
K*!'=— lim —logP< sup (S!—sl)< 1).
t—oo t Oéugvgt( v u) =

Furthermore, when S' is completely asymmetric, K™ is given by

41 {pl (a) when S has no positive jumps,

p2(a) when S! has no negative jumps.

Let now (T},) stand for the sequence of strictly ascending ladder indices of the random walk (V_x),>0:

To =0,
T,y41 =mintk >T,, V_; > V_1,).

Hence, T is in the domain of attraction of a positive stable law with index p, and we choose b(-) to be a continuous
positive increasing function such that (b(n)),>1 is a norming sequence for T1. Theorem 2 now takes the form:

Theorem 6. For any positive, non-decreasing function f define

[ bY@ dogn)/f (1)) dr
K(f)_/ b=1(a=1(logt))tlogt

We have, almost surely,

o f (@) _ 10, =00,

In particular, with probability 1,

.. _(loglogt)? _Jo ifp<1/po,
liminf —————s XS_{oo ifB>1/pn. 5.1

=00 a_l(l()gt) s<t
Theorems 3 and 4 must be adapted similarly. Notice that like in Theorem 4, we can again calculate the Laplace
transform of the limiting law when S! and S? have both completely asymmetric laws.

5.3. Random walk in random environment

Let us recall the connection between the diffusion in random potential and the model of Sinai’s random walk in
random environment. Let @ = (w;);ez be an i.i.d. family of random variables in (0, 1) and define for each realization
of this family a Markov chain (Z,),>0 by Zp =0 and

Wy ife=1,

X == .

(Z,) is arandom walk in the random environment @w. We now define the associated two-sided random walk (V,,),cz
by Vo=0and V11 — V,, =log((1 — w,)/wy,) for all n € Z. Let X still denote the random diffusion in the random
potential V. The following result from Schumacher [19] relates the two processes X and Z.

Proposition 5.1. Define the sequence (fi,)n>0 by
mo =0,
M1 =0f(t > pp, 1 Xy, — Xl =1).

Under the annealed probability P, the sequence (tu41 — n)n>0 is i.i.d. and wy is distributed as the first hitting
time of 1 of a reflected standard Brownian motion. Moreover, for each realization of the environment w, the processes
(Xp,)n>0 and (Z,)n>0 have the same law.
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Using this proposition, we can easily adapt Theorems 1-4 for the random walk in random environment Z in the
case where Vi = log((1 —wq)/wop) satisfies Assumption 1 (see Section 10 of [12] for details). For example, Theorem 3
for Z takes the form:

Theorem 7. When S has jumps of both signs, we have, with probability 1, for any non-decreasing positive sequence

(Cn)n>(),
0 =00
liminf — " sup|Zi| =1 :
M8 T Tlogn) pob 14 {oo Z(r:n)zmogn{«w-

In particular, almost surely,

logl B ;
liminf(ogOgn) g |Z|:{0 ifg<1/2,

n—oo a~l(logn) r<y oo ifB>1/2.
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